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What is Instance Segmentation?

Instance segmentation is the task of identifying object outlines at the pixel
level. Compared to similar computer vision tasks, it’s one of the hardest
possible vision tasks. Consider the following asks:

Classification Semantic Segmentation ¢ Classification: There is a

balloon in this image.

» Semantic Segmentation:

These are all the balloon pixels.

» Object Detection: There are 7

, balloons in this image at these
Instance Segmentation

locations. We're starting to

account for objects that overlap. ti & : Waleed Abdulla |
Splash of Color: Instance Segmentation

+ Instance Segmentation: There with Mask R-CNN and TensorFlow

URL :
are 7 balloons at these https://engineering.matterport.com/splash-
locations, and these are the of-color-instance-segmentation-with-mask-

pixels that belong to each one r-cnn-and-tensorflow-7c761e238b46

—> | 3D (A=) ZxRIZLI=Instance SegmentationlE. &Y EELL




HRERNBEDH: HARDLIDART —E2 D AEMT

B IEEAERZRELT,. FHEDLDARIZKY SBEZTEL-H
B —HIRETDFIAMTHO, BHHEICEEH TS24 TG ELDARDIEFELIFTIEFHFHE
B HEHZHEEDORFHTIBETRTEYMAREESEBLIT 5L

L

Velodyne VLP-16
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1 [TreelD X TreeHeight  CanopyArea

2 1 61170.27 83692.27 472.133 4 50.1
3 2 61171.6 83684.98 474.352 3.3 19.2
4 3 61168.14 83682.68 474.892 1.8 0.4
5 4 61173.05 83688.09 473.575 3.6 15.2
6 5 61172.12 83698.47 471.068 4 26.5
7 6 61172.11 83654.89 469.721 5.2 8.5
8 7 61175.06 83705.49 467.59 2.7 15
9 8 61178.09 83676.71 471.965 6.2 65.1
10 9 61174.35 83651.09 469.468 4.5 10.7
11 10 61176.89 83694.65 471.893 4.8 53.6
12 11 61180.62 83684.08 471.085 7.8 160.2
13 12 61177.27 83708.28 467.906 2.5 3.6
14 13 61182.28 83663.53 472.1 6.9 8.2
15 14 61179.69 83660.04 469.213 5.6 0.1
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Memorable Experience, Guaranteed.
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